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Abstract

The COVID-19 pandemic has made all aspects of human life assisted by technology and big data. It starts from the
education sector, economy, communication, health, and manufacturing to fashion. As we all know fast fashion has
become one of the most significant contributors of waste. During the flow of developing a collection, for example;
the production and distribution process can cause ethical issues and contradict sustainability matters. Several studies
from 2010 to date have initiated Al (Artificial Intelligent) technology, a computer vision that alleviates the use of
carbon footprints in the fashion industry. Al presents robust evidence to the audience, since it is visual and statically
calculated, furthermore it is less costly and energy saving. Al abstracts the similarities or differences across all
clothing and collections from the dataset. Its implementation can be used in many fashion careers with different
purposes. By reviewing across the computer vision journals complemented with fashion management literatures,
this article eventually provides insights of the implementation of Al for analysis and prediction from fashion photos
or dataset.

© 2022 The Authors. Published by IEREK press. This is an open access article under the CC BY license
https://creativecommons.org/licenses/by/4.0/).
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1. Introduction

Since the Covid pandemic, the use of Al technology has grown rapidly and penetrated all aspects of human life,
including fashion. The fashion industry is one of the most volatile and rapidly changing because it always follows
trends and consumer demands. This results in a lot of fabric waste due to overproduction or under production. Leanne
Luce explained that the use of Al in analyzing and predicting trends, stock quantities, demand forecasting, and
providing recommendations can minimize overproduction or underproduction of clothing so that it becomes more
environmentally friendly. This article summarizes computer science journals to explain some examples of computer
science implementations sharpened by other literature in terms of fashion management. This article is explained in
simple language to be understand by the commoner, and fashion industry players from fashion designers to
researchers.

As Nishant and Hilary Mason explained, the existence of Ai in the end does not necessarily replace humans to analyze
and predict, but is able to target areas that are more complex and difficult for humans to reach (Nishant, 2020).
However, until now, Al technology is still being developed by researchers, so there are many approaches and methods
that sometimes overlap among computer science journals which are summarized, but the efficiency of its sustainable
application is the quintessence of this article. This article focuses on computer vision with machine learning.

pg. 1


http://www.press.ierek.com/
https://creativecommons.org/licenses/by/4.0/

Luri Renaningtyas, Putri Dwitasari, Nugrahardi Ramadhani/ The Academic Research Community Publication

1.1. Al, Computer Vision, ML dan Deep Learning

The terms Al, Computer Vision, ML and Deep Learning are often used interchangeably. Luce stated that Al itself
imitates the working of the human brain and is a part of the whole which includes Machine Learning and Deep
Learning (Luce, 2018). The term can be analogous to a Russian egg doll, when the outermost doll is opened, inside
there is a smaller doll, and when it is opened there is another doll inside, and so on (figure 1.1 point a). Machine
Learning has the ability to produce output through training by inputting data information, hereinafter referred to as

testing ﬂ

what's this?

‘ prediction
pe—
2

skinnyy |
Jeans

training

Ai (Artificial Intelligence)

(=)

Model |e—

X new trained y_pl'(‘J

model

ML (Machine Learning)

DL (Deep Learning)

(b —

Figure 1.1 Knowing Ai and how it works: explanation of the terms Ai, ML and DL adapted from Leanne Luce's book p. 5(a); ML training
process summary from Vladimir Nasteski: An overview of the supervised machine learning methods, Liviu Ciortuz: Machine Learning and Budi
S: Machine Learning model training process in general in the Indonesia Learning channel (b); (c) the application of image b on the DeepFashion

dataset (Zi Wei Liu) adapted from https://otomasi.sv.ugm.ac.id/2018/10/11/sejarah-singkat-tangan-machine-learning/

'model’, while deep learning requires a lot of data to train the model to be able to answer the query data. Computer
Vision is ML that use deep learning to analyze visual data. In this case, thousands of photos of people with clothes,
both from online shops and street photos, can be used by CV as sample data for analysis. As stated by Ayodele, ML
is divided into 3 categories; supervised, unsupervised, which are commonly used for object detection, analysis and
prediction. As well as reinforcement learning whose applications are often found in robot vacuum cleaners or
automatic cars. CV is commonly used in the fashion industry because CV performs visual data analysis with
algorithmic methods (Ayodele, 2010). The way CV sees visual data is different from humans, a photo for example is
seen as a pattern arrangement of algorithmic numbers.

In figure 1.1 point b, the training set is used to produce a trained model, the model must be tested first to find out
whether the model is able to analyze the data according to what was trained. The whole process is called machine
learning. In point ¢, the model is able to recognize the object in a fashion photo, whether the object is skinny jeans or
not, because the model receives input data (blue color) since skinny jeans have different features compared to shorts,
midi skirts or t-shirts. The model subsequently capable of detecting the photo as a skinny jeans (green).

2. Data collection

2.1. Related works

Leanne Luce in her book "Atrtificial Intelligence for Fashion: How Al is Revolutionizing the Fashion Industry™ (Luce,
2018) describes the benefits of using Al in the fashion industry, underlying this research. Leanne lists areas in the
fashion industry that Ai can be leveraged more efficiently and economically, for example demand forecasting
purposes. Al helps predict what styles consumers will prefer next year. This means manufacturers can anticipate
overproduction or underproduction and save the landfill for more toxic waste. (More details in point 4). However,
Leanne Luce talks about Al globally, such as visual search, smart mirrors, trend forecasting, virtual reality, augmented
reality to robots, while this article specifically discusses CV and ML using fashion datasets (deepfashion). The author
summarizes and categorizes various types of ML analysis and prediction skills started with Ziad Al-Hala's writing.

Ziad Al-Halah mentions various ML implementations in analyzing and predicting visual data; landmark detection,
learning fashion attributes, cross-domain fashion retrieval, body shape and size based fashion suggestions, virtual try-
on, clothing recommendation, visual brand analysis, and discovering fashion styles (Al-Halah et al., 2020). Ziad's
writing is used as the author's reference portal to other computer science journals which are summarized to explain
the implementation of ML. Sometimes in one journal with another, the implementation of ML is described
overlapping, considering that ML has many methods for the same output or one journal can be related to other journals
because it continues or refutes the same research before.

pg. 2
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— Deepfashion dan data set

Seeing how machine learning works in Figure 1.1 point b, dataset is the training material to form the model.
Deepfashion is a data set specifically made for fashion analytic needs, containing a collection of photos classified by
type of garment or style, such as jeans, tie dye t-shirts, or baby doll dress styles. To be able to detect 'jeans' from
thousands of photos on Instagram, for example, a model is trained with deep fashion, then, with algorithms and the
use of statistics, one can discover the next jeans trending. The use of the same data set with different algorithms and
statistics can analyze and predict trends or industry needs within the management process utilize minimal human
intervention, from research to distribution.

— Sustainable fashion

The fashion industry is the largest contributor to pollution and waste in the world, therefore this industry should apply
sustainability to every stage of its production process, starting from R&D, manufacturing and distribution. According
to Chan, sustainability initiatives are needed in every managerial step of fast fashion namely Sustainable Operation
Management or circular SCM (Chan et al., 2022). Chan states that if trend prediction or demand forecasting is done
in an inappropriate way, it will result in overproduction, prior to Leanne Luce previously stated. Overproduction not
only dissipate scarce natural resources, it is also render carbon footprint during production, and pollute water and soil.

Khakurel, et al. describes the implementation of Al bring out economic acceleration in the developed world, for
example ML for object detection. Basically object detection annotates the photos the same way humans do, but when
it comes to thousands of photos, it can perform faster and more efficient than human annotation. The more data, the
more accurate and vivid depicted to the public. Companies can save or may no longer spend on outsourcing in service
or production and employee living costs because they can take advantage of Al to replace the outsourcing, so the
company gets more benefits. Furthermore it should be able to make the selling price of the product turn low (Khakurel
etal., 2018).

3. Methods

This research is an introduction to Ai and how it can be implemented in the fashion industry, as a green alternative
compared to the prevalent one. It is necessary to review the literature from three scientific sides, namely from
computer science, fashion management, and fashion and sustainability. All the literature then confirmed and extracted
to reinforce Ai implementation in fashion industry becoming more sustainable. One journal and one computer science
book as a baseline to determine which computer science journals and books are used amongst existing computer
science literature. The literatures explain how Ai works, while the fashion management literatures lead to the
production flow to distribution of fast fashion of which Ai is implemented in the process. Furthermore, with the
sustainability literature, it shows to what extent the implementation of Ai can be considered as a green alternative,
especially for SCM flow in the fast fashion businesses.

pg. 3
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Chart 3.1 flow of thought to describe the implementation of Ai in the fashion industry as a sustainable alternative.

4. CV implementation for a more sustainable fashion industry

Design Sample making Selection Manufacturing Distribution
= concept pattern making editing = pre production 0 Siie
development ’ ) " the collection manufacturing: e
- = sample making  fusther product Teesiler u feedback analysis
market analysis » creating of development international
5 E a product range .
= collection design » Dresenting
= product collection to buyers
= selection fabrics development and distributors

and supphes,
sourcing = costings = fashion fairs

Chart 4.1 SCM fashion flow chart adapted from Edit Dr. Csanak in his writing entitled Eco-Friendly Concepts and Ethical Movement in The
Fashion Industry. Ai helps on the bolded process.

The following is the implementation of CV as a more sustainable alternative from the producer and consumer
perspective by looking at the fast fashion supply chain management workflow above (Csanak, 2014).

— Object Detection

CV model is tested to be able to analyze photos of someone wearing clothes or accessories. As a result, it is able to
recognize the similarities or disperancy in the garments and clothing collections found among the photos adequately
(Jia et al., 2018) why is a skirt different from a t-shirt, for instance. Researchers can even add text to the training set
to increase the model's ability to detect the object, for example a photo of a skirt with a text description (Berg et al.,
2010) shown in figure 4.1 point b.

Machine learning algorithms are also able to recognize faux leather skirts by their attributes and are able to distinguish
them from t-shirts or shoes. The model can also detect where the skirt is based on the area, the ratio of the length or
the width based on the area of the upper and lower body (Bossard et al., 2012). At the same time the model can display
the level of confidence or how accurately the model recognizes the skirt, good image quality will certainly increase
the level of accuracy of ML in detecting an object, compared to low res photos. Example: Google lens or Pinterest in
figure 4.3 point b.

Image to sentences ML or vice versa (Farhadi et al., 2010) can be used for image search engines when customers
want to find the clothes they want. Customers only need to enter the query in the search engine, as soon as
recommendations for the desired clothing photos appear, the results of the ML analysis process (more on style

pg. 4
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prediction in the next point). In Chart 4.1 of the design process, object detection helps the R&D of a collection,
detecting the most emerging and trending styles, as well as style live cycle over a certain period of time. Aside from
being a trend forecaster, this is also one of the feedback analyzes needed by designer and manufacturer to take the
next anticipation from underproduction or overproduction. The company's anticipatory steps will have an effect on
costing (more on point 2 of the sustainable fashion section).

"This rock and roll yet sexy faux leather mini skirt, decorated with
metal zipper, symetrical or asymetrical cuts, zipper opening right
on the center, and fits to your hip."

Baby doll dress style ‘Wedding style

Figure 4.1 Simulation of object detection recognizing faux leather skirt and its attributes (a). Text descriptions are added to the training set to
improve the model's ability to detect objects in more detail (b) and Figure c is an example of implementing style prediction, namely baby doll dress
style and wedding style. Image source: Deepfashion

— Clothing category and classification

Deepfashion is used by Liu (Liu et al., 2016) to train a model that can perform robust analysis in categoryzing and
classifiying objects. Models sort by category, from thousands of photos into 5 categories of clothing such as rompers,
hoodies, skirts, jackets, jeans with their attributes. There are 5 groups of attributes, namely texture, fabric, style, shape
and part. Examples for textures are striped, floral, polka-dotted. Example for baseball style; sporty, girly, etc. The
combination based on the type of clothing with its attributes, is a romper with lace, a loose hoodie with graphic
writing, and so on.

— style prediction & clothing recommendation

Similar to what Liu did, the model from Lukas and Chen (Chen et al., 2012) the model predict what the user wants,
for example, someone wants to find a suitable clothes for a wedding, then Al will display photos - a fashion photo
with a wedding label with a combination of style and attributes, namely “white dress” because it refers to a “wedding
event.” This is implemented on search engines like Google, even further users are allowed to modify search keywords,
immediately the image that appears will adjust. Users may remove words from the keyword set that are not used and
replace them with others as they wish, so that the search can be more interactive, as explained by Zhao (Zhao et al.,
2017). There are many ways of object detection, other model developed by Vasileios Choutas named SHAPY
combine semantic description according to body shape such as pear, muscular, tall, skinny arms to improve 3D
annotation to get a fine grain object detection, sometimes in photos people wearing clothes that covers the body, make
it difficult to provide shape cues (Choutas et al., 2022), as well as the model developed by Al-Halah called ‘style
dynamic’ which is able to find and analyze style cycles within a certain time (Al-Halah et al., 2020). What styles are
trends and what no longer popular (figure 4.2). This historical data that is very important for fashion brands or
manufacturer to determine the design of the next collection. This anticipation is considered as a sustainable step.

A green step for the fashion industry is to leverage ML's ability to recommend new items into a mix of outfits to
bridge fashion designers and manufacturers. ML is a model that visualizes consumer fashion tastes where the sample
making process by producers is usually done manually with great effort but ML can be automated, faster and cut a
lot of production costs, for example Trendage.com (Zou et al., 2018). Consumers shopping at online shops get
automatic recommendations about the most suitable piece to wear and the mix and match seems personal. ML is able
to map the 'latent’ appearance of the user (Yu et al., 2019), this works well as a marketing strategy for fashion brands
to target their consumers.

Pg. 5
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Figure 4.2 Simulation of fashion style cycle analysis results and trend prediction from Ai. Adapted from Ziad Al Hala's research [5]. Ai shows
data about certain styles over time, which styles are outdated (a), classic (b), in fashion(c), trending(d), unpopular(e), or (f)re-emerging styles.
Image source: DeepFashion[4]

— consumer to shop

Kiapor and Huang (Kiapor et al., 2015), made a model that looks for similarities from consumer photos compare to
online shop photos (Huang et al.,2015). Figure 4.3 is an example of its implementation, if someone searches for a
product from online shopping with a photo reference from their cellphone, the user will know where to buy the piece
from the shop they are aiming for, considering that the online shop image is photographed in adequate lighting
conditions, while photos of users were taken under uncontrolled situation. Relying on Ai like the viral Zara jeans
phenomenon in the picture is one of the efficient marketing strategies because it saves promotion costs.

Figure 4.3 an example of implementation from consumer to shop (a) Zara high waisted ripped jeans far left is a photo from an online shop while
the next two photos are from consumers, and (b) is an example of implementing a clothing recommendation from Google Lens looking for
similar jeans. Image source: google.com

— Virtual try on

When the consumer is in the store, there is a large mirror he looks into that guides him to choose the clothes and size
he wants by displaying it in the mirror as if the consumer is wearing it. At the same time, brands will use it to market
their products within the available stocks in the store. This new way of marketing easily invites consumers to make a
purchase, for example the Amazon Echo Look. This made possible by leveraging Kripashindu’s model that can re-
render from one image to another, with different poses, even from still images to moving images or can be in the form
of game applications as discussed earlier in style prediction and clothing recommendation (Sarkar et al., 2020).

— Brand

A model can be trained to analyze how the brand is associated by consumers (Kim et al., 2013). What consumers
think about the brand that influences their decision to buy products or services from that brand. For example, if a
consumer wants to find a jacket, he will definitely buy a Louis Vuitton jacket among other brand, because in the
consumer's mind LV is his number one. Usually, to discover brand associations, research need to be done manually
by distributing questionnaires filled out by consumers as feedback. This method not time efficient and costly, while
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with the help of Al it can be done quickly with minimal costs. Kim in his article shows that Ai provides visual analysis
that is easier to imagine than conventional textual analysis. This feedback is very useful for the brand to develop the
design of the next collection that will make it stands out and be the number one in the minds of consumers among
other brands. How does the brand do it? The model developed by M Hadi Kiapor detects logo or design cues from
fashion photos of several bag brands. It discovers how brands can be recognized by consumers, by showing their
logos such as Supreme, displaying monograms (logo repetition) such as LV or through designs and color
compositions such as Bottega Veneta (Kiapor et al., 2018).

5. Conclusions

In this era of big data, the use of Al in the fashion industry is still growing in the future. This means that what is
written now may have not included developing implementations, but the explanation in this article can provide basic
insights about CV or ML in analyzing and predicting. Not only for commercial purposes but also as a green
alternative. Designers or producers can avoid overproduction or under-production because they know what style the
next consumer will be interested in. At the same time, the process become more sustainable because it does not need
to hire human analytics for R&D or collect feedback from consumer which usually costs time, money and
environment destructive. However, since this technology will continue to develop and be premature, for research and
engineer created and developed Al responsibly is obligatory to prevent unwanted negative impacts in the future.
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Appendix A. Deepfashion

Deepfashion is a dataset developed by Zi Wei Liu from his research in 2016. It consists of a large-scale clothes
database and it is non commercial research proposed only. DeepFashion contains more than 800,000 fashion images
start from enviable shop images to uncontroled consumer photos. DeepFashion comprise rich annotation of clothing
items. In this dataset, each image is labeled with 50 categories, 1,000 descriptive attributes. DeepFashion also have
contents over 300,000 cross-domain image pairs. Here are the example of Deepfashion, some are used in this article
in figure 1.1, 4.1, 4.2 shown below:

Appendix B. Shapy

Shapy is a ML that combines linguistic attributes with 3D shape reconstruction by adding sentences for example

CEINNT

“muscular”, “skinny arms”, “long legs”, or “pear shaped”, to capture the real human shape. This model will map
different shape representation of human body and can be used in many applications. Please visit

https://shapy.is.tue.mpg.de/[to find out more.
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Appendix C. Trendage

Trendage is a company that offers analytical service for brands and retailers by leveraging ML in order to increase
their average order values, and upgrade shopping experience. Consumers will have the best ecommerce experience
with ‘Complete the Look’ solutions, the automated clothing recommendation with large collection across brands and
retails. It cuts off the long process of R&D for brands or retailers that previously done with great effort. Trendage
provides cross-selling data, also an instant mix and match outfit source for manufacturer to start to build the
collection,automates all the marketing strategy to become more efficient and economical.

Appendix D. Other sources

A.1. Discussion

The manufacturing and distribution’s step within the fashion management workflow that potential to Al are discussed
and confirmed by practitioner Dibya Hodi. Dibya is a CEO at INTERIM clothing company, and vice chirman of
Indonesian Fashion Chamber (IFC). IFC is a non-profit organization that invigorate the fundamental of fashion as
part of the creative industry and deliver it to the government, business people, fashion communities, institutions,
through workshops, seminars, discussions, or trade fairs.

A.2. References from Youtube

Computer science explained by Hillary Mason in “Wired” from entrance to advance level; from an eight years old
kid, a teen, a college student, a grad student and an expert. The computer scientist and Hidden Door cofounder and
CEO explained that ML is able to detect and recognized object just like human when trained with information about
the object feature, for example to detect a cat or a dog in a picture, ML may learn that a cat usually has particular
features than the dog, such as pointy ears, or lean body. Furthermore, she mentioned supervised, unsupervised and
reinforcement in ML. She also compared ML with human. The explaination in this video provides a vivid picture to
understand ML and how it works, this source of information enrich the literture review in section 2. Please visit

https://www.youtube.com/watch?v=5q87K1WaoFI| to find out more

The general ML training model within a flow chart is explained in Indonesia Belajar. This channel initiated by Setia
Budi, a lecturer and PhD in computer science. The chart showed how ML works in a simple manner that is easier to
imagine by commoner. Visit(https://www.youtube.com/watch?v=yKovaQ6tyV8|for more information.

References
Khakurel, J., Penzenstadler, B., Porras, J., Knutas, A., & Zhang, W. (2018). The rise of artificial intelligence under the lens of sustainability.
Technologies, 6(4), 100. https://doi.org/10.3390/technologies6040100

Nishant, R., Kennedy, M., & Corbett, J. (2020). Artificial intelligence for sustainability: Challenges, opportunities, and a research agenda.
International Journal of Information Management, 53, 102104. https://doi.org/10.1016/j.ijinfomgt.2020.102104

Ayodele, T. O. (2010). Types of machine learning algorithms. New advances in machine learning. InTech.

Chan, H. L., Ren, S., & Liu, N. (2022). Overview and research agenda for sustainable operations management in fast-fashion era. Operations
management in the era of fast fashion. Springer.

Luce, L. (2018). Artificial intelligence for fashion: how ai is revolutionizing the fashion industry. San Fransisco: Apress.

Al-Halah, Z., & Grauman, K. (2020). From paris to berlin: Discovering fashion style influences around the world. In Proceedings of the IEEE/CVF
Conference on Computer Vision and Pattern Recognition (pp. 10136-10145). Cornell University. https://arxiv.org/abs/2004.01316

Berg, T.L., Berg, A.C., Shih, J. (2010). Automatic Attribute Discovery and Characterization from Noisy Web Data. In Daniilidis, K., Maragos, P.,
Paragios, N. (eds) Computer Vision — ECCV 2010. Lecture Notes in Computer Science, vol 6311 (pp. 663-676). Springer, Berlin, Heidelberg.
https://link.springer.com/chapter/10.1007/978-3-642-15549-9_48

Bossard, L., Dantone, M., Leistner, C., Wengert, C., Quack, T., & Gool, L. V. (2012, November). Apparel classification with style. In Asian
conference on co mputer vision (pp. 321-335). Springer, Berlin, Heidelberg. https://link.springer.com/chapter/10.1007/978-3-642-37447-0_25

Chen, H., Gallagher, A., Girod, B. (2012). Describing Clothing by Semantic Attributes. In Fitzgibbon, A., Lazebnik, S., Perona, P., Sato, Y.,
Schmid, C. (eds) Computer Vision — ECCV 2012 (pp. 609-623). Lecture Notes in Computer Science, vol 7574. Springer, Berlin, Heidelberg.
https://link.springer.com/chapter/10.1007/978-3-642-33712-3_44

Choutas, V., Milller, L., Huang, C. H. P., Tang, S., Tzionas, D., & Black, M. J. (2022). Accurate 3D Body Shape Regression Using Metric and
Semantic Attributes. In Proceedings of the IEEE/CVF Conference on Computer Vision and Pattern Recognition (pp. 2718-2728). Computer
Vision Foundation.

pg. 8


https://www.youtube.com/watch?v=5q87K1WaoFI
https://www.youtube.com/watch?v=yKovaQ6tyV8

Luri Renaningtyas, Putri Dwitasari, Nugrahardi Ramadhani/ The Academic Research Community Publication

https://openaccess.thecvf.com/content/CVPR2022/html/Choutas_Accurate_3D_Body_Shape_Regression_Using_Metric_and_Semantic_Att
ributes_ CVPR_2022_paper.html

Csandk, E. (2014). Eco-friendly concepts and ethical movements in the fashion industry. In International Textile, Clothing and Design
Conference—Magic World of Textiles (pp.1-7). Dubrownik, Croatia. https://www.researchgate.net/publication/283211577_ECO-
FRIENDLY_CONCEPTS_AND_ETHICAL_MOVEMENTS_IN_THE_FASHION_INDUSTRY

Farhadi, A., Hejrati, M., Sadeghi, M. A., Young, P., Rashtchian, C., Hockenmaier, J., & Forsyth, D. (2010). Every picture tells a story: Generating
sentences from images. In European conference on computer vision (pp. 15-29). Springer, Berlin, Heidelberg.
https://link.springer.com/chapter/10.1007/978-3-642-15561-1_2

Hadi Kiapour, M., Han, X., Lazebnik, S., Berg, A. C., & Berg, T. L. (2015). Where to buy it: Matching street clothing photos in online shops. In
Proceedings of the IEEE international conference on computer vision (pp. 3343-3351). Computer Vision Foundation. https://www.cv-
foundation.org/openaccess/content_iccv_2015/html/Kiapour_Where_to_Buy ICCV_2015_paper.html

Huang, J., Feris, R. S., Chen, Q., & Yan, S. (2015). Cross-domain image retrieval with a dual attribute-aware ranking network. In Proceedings of
the |EEE international conference on computer vision (pp. 1062-1070). Computer Vision Foundation. https://www.cv-
foundation.org/openaccess/content_iccv_2015/html/Huang_Cross-Domain_Image_Retrieval_ICCV_2015_paper.html

Indonesia Belajar. (2021, June 1). SKLearn 16 Random Forest Classification Hutan Acak Belajar Machine Learning Dasar [Video]. Youtube:
https://www.youtube.com/watch?v=yKovaQ6tyV8

Jia, M., Zhou, Y., Shi, M., & Hariharan, B. (2018). A deep-learning-based fashion attributes detection model. arXiv preprint arXiv:1810.10148.
https://arxiv.org/abs/1810.10148

Kiapour, M. H., & Piramuthu, R. (2018). Brand> logo: Visual analysis of fashion brands. arXiv preprint arXiv:1810.09941.
https://openaccess.thecvf.com/content ECCVW_2018/papers/11131/Kiapour_Brand__Logo_Visual_Analysis_of_Fashion_Brands_ECCV
W_2018_paper.pdf

Kavlakoglu, E. (2020, May 27). Learning vs. Deep Learning vs. Neural Networks: What’s the Difference?. ibm.com.
https://www.ibm.com/cloud/blog/ai-vs-machine-learning-vs-deep-learning-vs-neural-networks

Liu, Z., Luo, P., Qiu, S., Wang, X., & Tang, X. (2016). Deepfashion: Powering robust clothes recognition and retrieval with rich annotations. In
Proceedings of the IEEE  conference on  computer vision and  pattern  recognition  (pp.  1096-1104).
https://openaccess.thecvf.com/content_cvpr_2016/html/Liu_DeepFashion_Powering_Robust_ CVPR_2016_paper.html

Nasteski, V. (2017). An overview of the supervised machine learning methods. Horizons. b, 4, pp.51-62.
https://www.researchgate.net/publication/328146111_An_overview_of the_supervised_machine_learning_methods

Sarkar, K., Mehta, D., Xu, W., Golyanik, V., & Theobalt, C. (2020, August). Neural re-rendering of humans from a single image. In European
Conference on Computer Vision (pp. 596-613). Springer, Cham. https://link.springer.com/chapter/10.1007/978-3-030-58621-8_35

Wired. (2021, August 18). Computer Scientist Explains Machine Learning in 5 Levels of Difficulty [Video]. YouTube.
https://www.youtube.com/watch?v=5q87K1WaoFI

Yu, C., Hu, Y., Chen, Y., & Zeng, B. (2019). Personalized fashion design. In Proceedings of the IEEE/CVF International Conference on Computer
Vision (pp. 9046-9055).
https://openaccess.thecvf.com/content_ICCV_2019/html/Yu_Personalized_Fashion_Design_ICCV_2019_paper.html

Zhao, B., Feng, J., Wu, X., & Yan, S. (2017). Memory-augmented attribute manipulation networks for interactive fashion search. In Proceedings
of the IEEE Conference on Computer Vision and Pattern Recognition (pp. 1520-1528).
https://openaccess.thecvf.com/content_cvpr_2017/html/Zhao_Memory-Augmented_Attribute_Manipulation_CVPR_2017_paper.html

Zou, X., Wong, W. K., & Mo, D. (2018, June). Fashion meets Al technology. In International Conference on Artificial Intelligence on Textile and
Apparel (pp. 255-267). Springer, Cham. https://link.springer.com/chapter/10.1007/978-3-319-99695-0_31

pg. 9



	Cover Archive_Ierek
	Daftar Isi Archieve_Ierek
	Daftar Isi Archieve_Ierek_2
	Editor_archive_Ierek 1
	Editor_archive_Ierek 2
	Editor_archive_Ierek 3
	Editor_archive_Ierek 4

